
Comprehensive data 
re-usability is critical in the 

current ecosystem of 
machine learning and 
artificial intelligence

Non-Cognitive Predictors of Student Success:
A Predictive Validity Comparison Between Domestic and International Students

Actionable data 
management foresight can 

help extract value from 
non-traditional sources of 

data from behavioral health 
interventions

BACKGROUND:
Fidelity automation and prediction of 
lifestyle behavioral outcomes through 
natural language processing (NLP) and 
machine learning (ML) were met with 
challenges related to the re-usability of 
the LIvES Study (GOG 0225) data.

CHALLENGES: Numerous costly 
measures taken to re-use our data:
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CONCLUSION:
To take advantage of machine learning, 
natural language processing and 
artificial intelligence, behavioral 
interventions should engage the support 
of a data scientist in the study design 
planning stage and throughout data 
collection.

Natural Language Processing & Machine Learning 
incompatible annotation interface

LESSONS LEARNED:
● Ensure unique identifiers link all 

related data
● Plan for machine-friendly data 

structure and format
● Co-collect data and derivatives
● Collect culturally relevant data
● Create data de-identification 

protocols for all data types
● Consent all the people involved, 

not only participants

Challenge Cost

Audio files and fidelity 
data not linked to 
outcomes

~240 hrs of 
manual work + 
data loss

Lack of planning for 
data derivatives

~170 hrs incl. 
re-annotation

Incomplete 
socio-cultural 
background data

Missed 
opportunities

Personally identifiable 
information

Missed 
opportunities

Consent 40 hrs of work 
+ data loss
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